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ABSTRACT

In the present work, a novel method to control the motion of mobile robot remotely using hand

gesture recognition technique is proposed. The mobile robot moves or performs a predefined action

according to the recognized user’s hand gesture. For the training and test data of machine learning

algorithm, electromyogram (EMG) signals for six kinds of hand gestures were measured by using a

commercial wearable EMG measurement device. After signal processing, feature vectors were ob-

tained from the measured EMG signals for hand gestures. One hundred measurements were con-

ducted for each hand gesture and 80 % and 20 % of obtained data were used for training and test,

respectively. The artificial neural network was designed for the gesture classification and the classi-

fication accuracies were evaluated according to numbers of hidden neurons. After assembling a mo-

bile robot by miniaturizing industrial folk lift, the performance of the proposed method was evaluated

in real-time environment. It is effectively demonstrated that the proposed method has a great poten-

tial for tele-manipulation of mobile robot with high classification accuracy.
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